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Datacation: Who are we?

IT nerds with a social
character: we think
along with the customer

A team of 20 highly
educated data
professionals

e

~— Data QE[ Data
g Engineering Analytics
Connecting different data The creation of valuable
sources and transform insights through data
the raw data into a visualizations in the form

useful format. of dashboards.
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Focus on adopting
data-driven solutions
through co-creation

I":"\

@ Data Science

The development of
predictive and generative
Al models




Large Language Models: What are they?

Language Models (LMs) are Al models that
use text as input and/or output:

* They have existed for decades: the spam filter
was one of the first large-scale applications

* They couldn't handle more complex text very well

* Think, for example, of the old Google Translate
(<2016)
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Large Language Models: What are they?

Language Models (LMs) are Al models that Nowadays (approximately since 2017), modern

use text as input and/or output: Large Language Models (LLMs):

* They have existed for decades: the spam filter * Large models: deep neural networks with tens of
was one of the first large-scale applications millions to billions of parameters

Good at understanding the meaning of text, not
just the words present.

* They couldn't handle more complex text very well

* Think, for example, of the old Google Translate
(<2016) * Trained on massive amounts of text, often

without a specific task (foundation model).

* Can be fine-tuned for a specific task with
relatively little data (or fine-tuning may not be
necessary at all).

* (Chat)GPT is the most well-known, but there are
thousands of other LLMs.
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LLMs: Where are they good at?

Analytical tasks: Combination:

 Classification (categorization) * General or specific chatbot

* Finding similarities (e.g., for searching) * Quickly getting an overview of a topic
» Searching for specific information in text * Generating content

Generative tasks:

Text Output
* Generating text Text Input <
° Summarizing : ; Language
* Rewriting | e . F.

* Translating

Mumeric Representation of
text useful for other systems
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LLMs: Where do you get them?

Commercial providers:

* Microsoft / OpenAl

" 1BM @OpenAI
* Google

e Amazon

S® Microsoft

Public domain (open-source): aWS 3

* Models from large organizations, Google Cloud
researchers, and hobbyists

* Often trained on specific domains

w | Hugging Face
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LLMs: Where do you get them?
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Fig. 1. A timeline of existing large language models (having a size larger than 10B) in recent years. We mark the open-source LLMs in yellow color
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LLMs: Where do you get them?

Commercial providers Public domain (open-source):
Advantages Advantages

* Many possibilities * Many domain-specific models

* Good performance * Free (also for commercial purposes)
* Everything is taken care of for you * Can be hosted locally
Disadvantages Disadvantages

* Costs  Sometimes lower performance

e Calls can be (relatively) slow * More configuration required

* Mostly for generic purposes
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Use case 1

* The Sales department of a distributer of spare parts, handles many v Postvak IN

ema”S d day 1. Orders

v 2. Rederijen
2A. Rederijen (Wartsila)

. . . . 2B. Rederijen (MAK)
* The Al-tool sorts all incoming emails to create focus, overview and )
2C. Rederijen (MAN)

prlorlty 2D. Rederijen (Himsen)

3. Powerplants

4. Reparatie
* The Al-tool reads all emails and attachments (PDF and Excel) and e
determinES: 5A. Handelaren (Wartsila)
* Main category: order (1), tender-offer (2-6), other (7) of replies (7R) 58. Handelaren (MAK)

* Type of customer (2 and 5) 3C-Elandearen (MAN)

* The brand that is requested (A-D)

5D. Handelaren (Himsen)
6. Aanvragen (Ongecategoriseerd)
7. Overig
7R. Antwoorden
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File Home Send / Receive

£

= Send/Receive All Folders B send all

v Favorites
Inbox
Sent ltems

Drafts

View Help

v Postvak IN
1. Orders
v 2, Rederijen
2A. Rederijen (Wartsila)
2B. Rederijen (MAK)
2C. Rederijen (MAN)
2D, Rederijen (Himsen)
3. Powerplants
4. Reparatie
v 5. Handelaren
5A. Handelaren (Wartsila)
5B. Handelaren (MAK)
5C. Handelaren (MAN)
5D. Handelaren (Himsen)
6. Aanvragen (Ongecategoriseerd)
7. Overig
7R. Antwoorden
8. Morgia
9.India

Q. Sorteerfouten

765

J

= QQ see

Items: 765 Unread: 765

[2 update Folder 2 Send/Receive Groups ¥ Show Progress ¢ Cancel Al

Postvak IN
v Older

Hello, enclosed you will find the delivery notes of todays

Thanks for the quote, please confirm with our

Goedemiddag Hierbij willen we graag bijgaande items

Please find attached enquiry. Mit freundlichen Gruken / Best

Attached for you our PO. Please note that this will

Can we please order the bearing as per your

Vrijdag is goed. Koffie staat klaar Met

Please find attached PDF-document Mit freundlichen GruBen

By Date v

U

25/07/2023

%

24/07/2023

v—
24/07/2023

v—
24/07/2023

%

18/07/2023

URp)

17/07/2023

14/07/2023

%

14/07/2023
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%

10/07/2023

URp)

10/07/2023

H—
05/07/2023

@ Work Offline

delivery notes of todays loading -

Hello, enclosed you will find the delivery notes of todays loading.

Start your reply all with: | Got it, thank you. ‘ ‘ Received, thank you. | ’ Thank you! | @ Feedback

All folders are up to date.

€ Reply | &€ ReplyAll | —> Forward

/5 coming Soon  Try it now (@ off)

Tue2

w
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v Postvak IN
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v 2, Rederijen
2A. Rederijen (Wartsila)
2B. Rederijen (MAK)
2C. Rederijen (MAN)
2D, Rederijen (Himsen)
3. Powerplants
4. Reparatie
v 5. Handelaren
5A. Handelaren (Wartsila)
5B. Handelaren (MAK)
5C. Handelaren (MAN)
5D. Handelaren (Himsen)
6. Aanvragen (Ongecategoriseerd)
7. Overig
7R. Antwoorden
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Hello, enclosed you will find the delivery notes of todays

Thanks for the quote, please confirm with our

Goedemiddag Hierbij willen we graag bijgaande items

Please find attached enquiry. Mit freundlichen Gruken / Best

Attached for you our PO. Please note that this will

Can we please order the bearing as per your

Vrijdag is goed. Koffie staat klaar Met

Please find attached PDF-document Mit freundlichen GruBen
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@ Work Offline

delivery notes of todays loading -

Hello, enclosed you will find the delivery notes of todays loading.

Start your reply all with: | Got it, thank you. ‘ ‘ Received, thank you. | ’ Thank you! | @ Feedback

All folders are up to date.

€ Reply | &€ ReplyAll | —> Forward

/5 coming Soon  Try it now (@ off)

Tue2

w

CNNATTINCSCNTTIONN

L/ N 17\ \ 1 INJIN,..

Connected to: Microsoft Exchange

DEDICATED TO DATA

m B -——

100%



0"

File Home Send /Receive View Help /7 Coming Soon Try it now (. off)

7 send/Receive All Folders > Send All [ Update Folder [ Send/Receive Groups ~ Show Progress &+ Cancel All &3 Work Offline = ==+

<
v Favorites Postvak IN ByDate v T delivery notes of todays loading -
Vv Older -
oo . € Reply | & Reply All —> Forward
Sent Items 0] s —
Drafts 25/07/2023 < ue 25/07
Hello, enclosed you will find the delivery notes of todays
« Postvak IN 765 2t
1. Orders 24707, 2; ( 1 [ ]
- o 101/ Start your reply all with: | Got it, thank you. ‘ ‘ Received, thank you. | ’ Thank you! @' Feedback
v2. Rederuen Thanks for the quote, please confirm with our X X )\
2A. Rederijen (Wartsila) " " " OOOOOOOO
N - Hello, enclosed you will find the delivery notes of todays loading. hr i e
2B. Rederijen (MAK) 24/07/2023
2C. Rederijen (MAN) Goedemiddag Hierbij willen we graag bijgaande items
2D. Rederijen (Himsen) [LD °
%
3. Powerplants 24/07/2023
4, Reparatie Please find attached enquiry. Mit freundlichen Gruken / Best
v 5. Handelaren
5A. Handelaren (Wartsila) 18/07/2023
5B. Handelaren (MAK)
5C. Handelaren (MAN) [LD
5D. Handelaren (Himsen) 1770772023
6. Aanvragen (Ongecategoriseerd)
7. Overig @J
7R. Antwoorden 14707/2023
8. Morgia Attached for you our PO. Please note that this will
9. India
> E. Sorteerfouten 14/07/2023
Can we please order the bearing as per your
;}
12/07/2023
/rijdag is goed. Koffie staat klaar Met
10/07/2023
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Fle  Home Send/Receive View Help £ Coming Soon Try it now
Lv.ﬂ. New Email ~ @] = D o 6) <€) =2 ﬁ Share to Teams DJ' Onbelangrijk v 8 Unread/ Read E v W v I_E'Bv Search People @ v v 5§ v EE" &, save Attachments @ Viva Insights ® Show Taskpane e
v
<
v Favorites 1. Orders ByDate v T PO-! /N4
v Older o ‘ T e e
Inbox € Reply ‘ & ReplyAll | —> Forward | | K ‘ see
Sent ltems @J — - = = o i3 '077’7;)?“ e,
St 24/07/2023 5 Sl
@You forwarded this message on 24/07/2023 13:13.
L) Po- pdf
B ‘ 106 KB &
04/07/2023 y
a
UR]
v Postvak IN 28/06/2023 Goedemiddag
1. Orders 46
« 2. Rederijen 34 0 Hierbij willen we graag bijgaande items bestellen voor de
v
2A. Rederijen (Wartsila) 19 11/04/2023 PO Ref. — |
2B. Rederijen (MAK) 5
2C. Rederijen (MAN) 29 | Aflever adres :
11/04/202
2D. Rederijen (Himsen) oa202s
3. Powerplants
4. Reparatie 29 @ Nederland
11/04/2023
v 5. Handelaren 20 iy
5A. Handelaren (Wartsila) 52 Eactuut akps:
5B. Handelaren (MAK) 10
07/04/202
5C. Handelaren (MAN) 7 023
5D. Handelaren (Himsen) 2 Nederland
r
6. Aanvragen (Ongecategoriseerd) 19 @ "
07/04/2023 KVK Nr.
7. Overig 235
7R. Antwoorden 245 U kunt ook u factuur sturen naar: -
8. Morgia e @J
9. India 9 0770472023
07/04/2023 .
0 Bij voorbaat dank
O7/04/2025 Met vriendelijke groet / Kind regards,
§ PV AU O CIIET IS i g
= 8 | )

Items: 46 Unread: 46 All folders are up to date.  Connected to: Microsoft Exchange limi| -t 100%



Solution 1

The emails get sorted real-time v Postvak IN
1. Orders

v 2. Rederijen
2A. Rederijen (Wartsila)
2B. Rederijen (MAK)
2C. Rederijen (MAN)
2D. Rederijen (Himsen)

Created our own model, based on a traditional Language Model,
hosted on client’s server

3. Powerplants

Integration with Outlook 4. Reparatie

v 5. Handelaren

5A. Handelaren (Wartsila)

¢ Pr'O: 5B. Handelaren (MAK)
* When running, no costs per email 5C. Handelaren (MAN)
C 5D. Handelaren (Himsen)
. .
on: 6. Aanvragen (Ongecategoriseerd)
* Higher initial investment (development costs) 7. Overig

7R. Antwoorden
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Use case 2

Company in the shipping industry: a middleman between
Shipping companies and Cargo companies

Cargo companies send email requests for their cargo, looking for
a ship

Many abbreviations and domain language

Our client needs to schedule the shipping routes

The Al-tool subtracts 5 fields required for efficient planning:
* Product Quantity Using NLP to create structure

* Point of Loading Point of Discharge in unstructured documents
e Date (Laycan)
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Examples

from : affremarine sa
GD DAY,

USUAL CHRTS. sent: 07 /03 /2023 17:31:46

TERMS HERE. e

QUANTITY 5.000 - Metric Tons subject :

IN Bulk (NON OILY), stowage factor about 67 CUF WOG gd afternoon

1/1 dir chrirs

20/24 March uc wilhelmshaven / montoir

ITE VESSEL REQUIRED max metric tons sfabt 44

LOAD 1.500 c / DISCH 1.500 c

2,50% Brokerage Commision 24 hrs x [ 24 hrsx
Semih ALTAY 3. 75% brokerage commision brokerage commision
As Brokers only taryk bousserghine

Mob.+90-532-253 9311 mobphone + 33 (0) 7 55 65 52 10
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Solution 2

Self trained Large Language Model, hosted in the Cloud (AWS)

Integration with Planning software

* Pros:
* When running, no costs per email, only hosting costs
* Model trained specifically for these emails

* Con:
* Higher initial investment (development costs)

Using NLP to create structure
in unstructured documents




Use case 3

* The customer support departement of a supplier of personalized
gifts, handles many emails a day

* They want to decrease their average responding time and
optimize their workflow

* Three use-cases:
* Email classification
* Email summary
* Personal follow-up on tender offers

Classify, Summarize and respond
with unique answers on standard
guestions

CNNAT IANC/IATION\N
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Solution 3

Using OpenAl model in Azure
* GPT3.5

Integration with Outlook and internal software

* Pros:
* Low initial investment (development costs)

* Easy to upgrade to better models (GPT4)

* Con:

« Costs per email Classify, Summarize and respond

with unique answers on standard
guestions
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Standard wol

Your virtual colleagu

-
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Use case 4

Challenge

e Company has standard work instructions for various processes and clients
* Current storage in an online file system causes time and energy inefficiencies for team members

* New colleagues struggle to find the right information

Solution

Large Language Models can use their excellent understanding of language to:

1. Quickly find the right section of the correct instruction;

2. Provide immediate answers to questions and engage in conversation about them;
3. Accelerate the standardization of standard work.

— Your virtual colleague

A 'I'I\f"l\'l'lf\ll\
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Datacation Bot & Bananas

Deze bot is een experimentele versie die gebruik maakt van OpenAl's GPT- modellen. De correctheid van

de reactie kan niet gegarandeerd worden.

A Hoi! Ik ben de chatbot van Monkeys and Bananas, wat zou je willen weten?




Conclusion

* In addition to ChatGPT, LLMs offer many possibilities
* LLMs are highly versatile, but not the solution for everything
 Three similar use cases, but three different solutions

* The solution is situation-specific, so seek advice

AVAN 'I'I\f"l\'l'lf\ll\
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When ‘the model
works’is not enough

Joost B. Vos, Ph.D.,
Technical Specialist NLP & Data Science

watsonx.governance
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Large Language Models in IBM products since 2018

IBM Watson Discover
£

Accelerate business decisions and processes
with an AI-powered intelligent document
understanding and content analysis platform

Start your free trial  —> Book a meeting 5

Watson Discovery

watsonx Assistant

Entity types
[0 Financial outcome 17 >

[ Earnings period ™ a >
O value™
[0 Product or service 19 >

Deliver consistent and intelligent customer care with
conversational Al

Try watsonx Assistant  — Book a live demo -

Watsonx Assistant

lIn
L
®



Typical Use Case ¥

CustomerRequeast.java x

1 package com.ibm.manarch:

Lass CustomerBequest extends Requéest {
Lustomer Customer ;

CustomerRequest

customer new Customer H

public Customer getCustomer
return customer;

public vold setCustomer|Customer valCustomer
customer = valCustomer;

public Strimg toString
T i CUSTOmeEr:

oid insertCustoemeristring lgacHes, int dbZCustod

obtainlustomerfmnber(String lgacNcs, int db.




The Black Box problem ™
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Governance regulations v

EU Al Act

* Article 11 - Technical documentatior

« Article 13 - Transparency and Information to users 9,9
Article 18 -~ Documentati Feai

* Model Owners
. ; * Model Validators
AI DoCumentation Sync model Al Risk Governance *  Audit Teams

Capture facts about status and 0= Use case & model inventory » Compliance Teams
use cases, models and prompts metadata O Risk scorecards | Workflows * Risk Management Teams
throughout the lifecycle Dashboards | Issue management * Data Privacy Teams
EU AL Act
Article 10 - Data and data governance
Arti 0 « Record keeping

EU Al Act
» Article 10 - Data and data governance
* Article 15 — Accuracy, robustness

EU AT Act
* Article 5 — Frohibited practices
Article 6/7 - High-risk Al systems
J — Risk management system
— Transparency and information to users

— Quaiity management system e

@ BUlld v r :L-jfvc,r"“ ty assessment ‘ﬁ Deploy
(IBM, AWS, MS, Other) icle 22 — Duty of information . (IBM, AWS, MS, Other)

Article 23 — Cooperation with competent authorities ‘

Article 15 - Accuracy, robustness and

cybersecurity

L ) Articl Obligations of users of high-risk Al systems - ,
k; Article 30 — Notifying authorities C T
e g le 52 — Transparency obligations
Article 60 - EU database for high-risk Al systems

Data Engineers Article 62 — Reporting of serious incidents Run-time monitoring of
o [(itiran) Nata ) . Article 69 — Codes of conduct

AN 2N U Design-time model/prompt ; deployed models and . MLODs

cient . a PN .

, evaluation and explainabilit . P rompts for compliance and « ML Engineer
+ Al Engineers P Y AI Evaluation & Monitoring e S 8

r‘lL | 5
. MO @ Model Health | Accuracy

Drift | Bias | Explainability
Generative Al Quality EU Al Act

Article 15 — Accuracy, robustnes
Article 61 ~ Post-market monitoring




How do you keep overview on your AI

/b Toolkit

Direct

Monitor

1

1
Im
®

BEREIDINGSWIIZE:
schudden voor openen. Maak heq
dz:kltgloi:dneﬂhﬁdoen! kookdeme"vo.;t’
aan je pastasaus (niet andersom) en warm o

even goed samen door.
Opgelet: de verpakking niet in de mag

plaatsen!
RECEPTTIPS:
Kook pasta. Reken 75 tot lmgmmm

PASTA BOLOGNESE MET UI EN EHAMNEIIHNS.
- Fruit een gesnipperde Ui en voeg hier 2504 e
champignons (in partjes gesneden) aan toe,

- Voeg de pastasaus toe en verwarm 10 min,
op laag vuur.

- Voeg de pasta aan de pan met pastasaus toe
en roer goed door voor je het serveert.

PASTA BOLOGNESE MET SPINAZIE EN

CHAMPIGNONS:

- Fruit een gesnipperde ui, ontdooi 250 g
diepvriesblad spinazie en halveer 250 g
champignons.

- Fruit de gesneden ui kort in een pan en voeg
de spinazie en champignons toe.

- Voeg de pastasaus toe en verwarm 10 min.

op laag vuur.
- Voeg de pasta aan de pan met pastasaus toe

en roer goed door voor je het serveert.
- VOEDINGSWAARDE per 1009
Energie 332k)/ 79 keal
waarvan verzadigde I d
waarvan suikers -
Vezels
Eiwi

i




How do you keep overview on your AI

watson .governance

1. Automate Al processes w/ GRC

Al models = take action

2. Monitor

3. Translate Regulations into policies

4. Visibility

For reports/dashboards

1
1
i
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BEREIDINGSWIIZE:
schudden voor openen. Maak heq
dz:kltgloi:dneﬂhﬂdoen: km*m”'v“;?;
aan je pastasaus (niet andersom) en warm o

even goed samen door.
Opgelet: de verpakking niet in de mag

plaatsen!
RECEPTTIPS:
Kook pasta. Reken 75 tot INQMNMI

PASTA BOLOGNESE MET Ul EN EHAMPlEInIs.
- Fruit een gesnipperde Ui en voeg hier 2504 e
champignons (in partjes gesneden) aan toe,

- Voeg de pastasaus toe en verwarm 10 min,
op laag vuur.

- Voeg de pasta aan de pan met pastasaus toe
en roer goed door voor je het serveert.

PASTA BOLOGNESE MET SPINAZIE EN

CHAMPIGNONS:

- Fruit een gesnipperde ui, ontdooi 250 g
diepvriesblad spinazie en halveer 250 g
champignons.

- Fruit de gesneden ui kort in een pan en voeg
de spinazie en champignons toe.

- Voeg de pastasaus toe en verwarm 10 min.

op laag vuur.
- Voeg de pasta aan de pan met pastasaus toe

en roer goed door voor je het serveert.
~ VOEDINGSWAARDE w“’::‘
i 332k)/79
Vet | 309
waarvan verzadigde vetzul g':g
Koolhydraten . y
waarvan suikers 1
Vezels
Eiwitten




This Is how we do It

CNemenabel

Model Inventory

Build Model

Deploy Model

Evaluate & Monitor

Real-time

Model Risk &

Governance
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Why? EU AT Act!
Anticipate on regulations ahead

EU has defined four categories
of Risk — based on Use case

1.  Unacceptable Risk
2.  High Risk

3. Limited Risk

4.  Minimal Risk

© 2023 IBM Corporation




Importance ot Governance

Explained by way of the 1890
Heinz Glass Bottle

Tamper proof cap
-Robustness

Food label
-Explainability

Clear Glass Bottle

IBM’s Recipe for Trustworthy Al
-Transparency

.\.,‘ Pure Food and Drug
 Act
-Explainability

-MRG (Regulatory
Compliance)

Sanitary Production
Factory Tour

-Transparency
- ModelOps

1
I
In
I
®

— — —

© 2023 IBM Corporation Story credits: Carlvin Paris (cparis@us.ibm.com)
Referenced in Varshney, Kush R. Trustworthy Machine Learning. Independently Published, 2022
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IBM watsonx

watsonx.governance

The first end-to-end enterprise governance available



The Al Alliance

Advance saje and responsible Al
rooted in open innovation

Ana Paula De Jesus Assis - Following

Chair and General Manager EMEA at IBM

16h - ®

We need a bold bet on open innovation, collaboration and responsible #Al
adoption to safely usher in this transformational technology into business and
society.

That is why today's introduction of the Al Alliance is so meaningful: IBM and Th e AI Al,l_lan Ce

Meta are co-launching this community of 50+ global leaders across academia,
research, science and industry determined to deploy an Al that is safer, more A community of technology creators,
inclusive, and addresses specific risks. Very proud to see so many Europe, developers and adopters collaborating
Middle East and Africa universities, developers and Al players among its to advance safe, responsible Al rooted
founding members. in open innovation.

&

https://thealliance.ai/
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© 2023 IBM Corporation
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Microsoft GenAl
and Copilots

Presenter: Arash Nezami

Cloud Solution Architect Data & Analytics
Arash.Nezami@microsoft.com

Microsoft Copilots

" and Genersive All




Forbes COMPUTERWORLD
What ChatGPT And

Microsoft’s new Teams Premium tier

Generative Al Mean integrates with OpenAl's GPT-3.5

For Your Business?

MarketWatch The Washington Post

Meet Windows Copilot, the Al
coming to help you understand
your PC

Microsoft’s Nadella: Al is taking
the computer age from ‘the
bicycle to the steam engine’

techradar pro TS TechCrunch
Microsoft Fabric looks to offer the Microsoft's Azure Al
e next generation of Al analytics for [ Studio lets developers

your business build their own Al ‘copilots’

technology

Microsoft announces generative Al-powered

i S h e re Copilot 365 to ‘change work as we know it’

€ BUSINESS.

Real estate agents say they
can’t imagine working without

Microsoft’s Al-powered Copilot is

ChatGPT now getting plug-ins




Every Al workload benefits
from silicon optimization

Microsoft Copilot Your Al apps

&ANVIDIA AMD Y BE Microsoft



Microsoft
COplIOtS M365 Copilot

Bing Edge Word Outlook Excel PowerPoint Teams Designer Windows Copilot
Business
() Chat
Better Q&A and task Betterinteraction  Better reading Better e-mail Better data Better Better Better knowledge Better digital Better 'nteraCtLiO?IWith
completion with web content and writing management  analysis presentations Meetings management creations OS, apps, and files
ilots f eestanee : . Copilot Copilot
Copilots for Web Copilots for Productivity for Creativity  for Everyday
Dynamics Copilot  Fabric Copilot Security Copilot GitHub Copilot Power Platform Copilot
Better sales and Better data analytics and Better threat detection, Better code Better creation of apps,
customer support business intelligence identification, and mitigation development workflows, and agents
Copilots for Business  Copilots for Analytics Copilot for Security Copilot for Development  Copilot for Low/No Code

Development



M365 Copilots

+ aeaad s

1ttps:/fonedrive live.com/w /1/E
@ Documentl  Saved ~
File Home Insert Layout References Review View Help
’-I\.. ¥

Aptos(Body) ~ 11~ B T Uw

@ create content with Capilat

& jab description for.., | | 10 ideas for.

A press reiease for.

reate, and ¢

A praject prapesal about..

(% Comments A Catch Up

Copilot o] ¥

‘onedriv

VanAssdel_Proposal

Design  Tra Animations  Slide Show  Rer View Help

Aptos (Body)

Page View

A-CochUp T Present

2 ediiog ~

! ) Copilot

Click to add title

Click to add subtitle

@ Q1 Performance - Saved v

File  Home

D b~

T Austratia
18 Conadn

Insert  Formulas  Data

Aptos (Body)

fx | Country

VanArsdel
VanArsdel
VanArsdel
VanArsdel
Contoso

Biodegradable Cleaning Products
Biodegrodable Cleaning Products
Biodegrodable Cleaning Preducts
Biodegradable Cleaning Products Medium

Contoso Pharmaceuticals
Proseware
Prosevore
VanArsdel
Prosavire
Proseware
Proseware
VanArsdel
VanArsdel
Proseware
VanArsdel
Contoso Pharmaceuticals

Copilot
Good marning Katt

Cassandra Du
C s

Eric Ishida 840 AM
Sure, I set something for next week £..

Cortex Framework Ba1AM
Kayo: The review went really welll Can't wai_.

Will Little T:45 AM
| don't see that being an issue, Can you ta

Maria Beaudouin 121 AM

. ye fist
Hillary Reyes

Charlotte and Babak

Joshua VanBuren

Cleaning Products Low
Recycled Can Low
Natural Pessonal Care Products  Low
Biodegradable Cleaning Products High
Compostable Food Packaging  Low
MNatwral Persenal Care Products  Medium
Sustainoble SnackPackaging  Medium
Matural Perscnal Care Products  Medium
Compostable Food Packaging  Medium
Compostable Food Packaging Low
Sustainable Snack Packaging Mediem
Compostable Food Packaging

Biodegradable Cleaning ts Low

None

e

$1.494.240
$1.451,648
$1,391,808
$628,904
$622,681
$590,108
F600,580
$4TE,520
442,430
$425,820
$413,438
399,760

b’, Copilot chat About

”
&3  Good moming Kat!
Here are some ideas that

= Getasummary

= Find and use info that
= Create content with all of it

might help you get started

hing you need ta catch up an, ing
s buried in documents or lest

uding meetings

drawing from your fle events, tapics, and mare

e Catth Up

&7 Editing ~
® &

v O & Copilot

$1,514,146
$1.479.298
$1,451,648
$1,308,300
$622,615
$616,454
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$516,8643
$471,755
$415,684
$400,271
$388,632
$375,774
$368.676
$368.476
$362.520
$350,158

s your Copilot, I'm here to assist you but | do make mistakes, so sources are previded for your review when possible.

What's going on with Erabext?  Summariz,

Green Bullder's summit doc

&% Share
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Microsoft copilot/Bing chat:

The type of objects involved are a train and a police car. The train is blue and white and appears to
describe this Image, what is ha pening there? be a passenger train. The police car is white and blue with a checkered pattern on the side.

The type of incident is a collision between the train and the police car. It is not clear what caused the
collision, but it seems like a serious accident.

The level of damage is high for the police car and low for the train. The police car appears to have
been pushed off the tracks and is damaged. There is a piece of the car's bumper lying on the ground
in the foreground. The train does not seem to have any visible damage, but it may have some
internal damage.

The time of the day is daytime. The image is bright and clear, and there are no shadows or lights
indicating a different time of the day.

Any additional descriptions are that there are several police officers standing around the car. They
are wearing uniforms and hats, and some of them are holding radios or clipboards. The background
consists of power lines and a fence. The power lines are running parallel to the train tracks, and the
fence is separating the tracks from a grassy area.

| can generate a JSON document based on the image description. Here is the JSON document:

JSON

More info on FAQ

{
"type of objects involwved”: ["train", "police car"],
"type_of_incident™: “collision",

1 of _damage": {
"train™: "low™,
"police car": "high"
I
"time_of_day": "daytime”,

"additional_descriptions™: {

"police officers”: "several”,



Anatomy
of a
Copilot

Copilot frontend

7~

Plugin extensibility

UX

17

~

Orchestration

Prompt & response filtering

Metaprompt
Ty

Grounding

Plugin execution

Hosted foundation models

ilicls

Foundation models

Hosted fine-tuned foundation models

T

Al infrastructure

BYO models

Al
safety
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Announcing

& GitHub Copilot

Generally New New New

available Pull requests Copilot in Copilot

Copilot Chat GitHub Mobile Enterprise



Copilot as a assistant to generate code and explain existing code

®f simple hybrid search(querytext, filter expression=""):

search_client = SearchClient{acs_service_endpoint, acs_index_name, AzureKeyCredeni
vector query = RawVectorQuery(vector=generate embeddings(querytext), k=3, fields='

return search_client.search(
search_text=querytext,
vector_queries=[vector_query],
filter=filter_ expression,

include tota
query_type=0

semantic_con
query_ langua

query_spelle
query_captio
query_captio
search_mode=

simple_vector se
search_client| =
vector_query =\R

return search _cl
search_text=
vector gueri
filter=tilte
include_tota
query_type=0
query_langua
search_mode=

Go to Definition

Go to Declaration
Go to Type Definition
Go to References

Peek
Laeo N | e

Show Call Hierarchy
Copilot

Rename Symbol
Charae All Occurrences
Refactor...

Source Action...
MNotebook Cell

Decompile into Bicep

F12

Shift+F12

ShiftaAltLE12

Shift+Alt+H

F2
Ctrl+F2
Ctri+Shift+R

Decompile into Bicepparams

Start Inline Chat col+

Explain This
Fix This
Generate Docs

Generate Tests

search_client = SearchClient(acs_service_endpoint, acs_index_name,
AzurekeyCredential(acs_query_key)) : This line creates an instance of SearchClient using the

Azure Cognitive Search service endpoint, index name, and query key. This client will be used to
perfoarm the search.

vector_guery = RawVectorQuery(vector=generate_embeddings(gquerytext), k=3,
fields="texts_vectorized") : This line creates a RawVectorQuery object. The generate_embeddings
function is called with the query text to generate a vector representation of the query. The k
parameter is set to 3, which means the search will returmn the top 3 results. The fields parameter is

et to "texts_vectorized”, which means the search will be performed on the "texts_vectorized” field in
the index.

The search_client.search() method is then called with several parameters to perform the hybrid
search. The search_text parameter is the query text for the full-text search. The vector_queries
parameter is a list of vector queries, which in this case contains the vector_query we created earlier.
The filter parameter is a filter expression to apply to the search query. The include_total count
parameter is set to True , which means the total count of results will be included in the response. The
guery_type parameter is set to QueryType.SEMANTIC, which means the search will use semantic
ranking. The semantic_configuration_name parameter is set to "semantic_config”, which is the name
of the semantic configuration to use for the search. The query_language parameter is set to
QueryLanguage.EN_US , which means the query language is English (United States). The
guery_speller parameter is set to "lexicon®, which means a lexicon-based speller will be used to
correct individual search query terms. The \query_caption_highlight parameter is set to "true®,
which means highlighting will be enabled for the captions extracted from key passages in the highest
ranked documents. The query_caption parameter is set to "extractive”, which means the captions
will be extracted from key passages in the highest ranked documents. The  search_mode parameter is

set to “all", which means all search terms must be matched in order to count the document as a

B L oY
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aka.ms/OpenAl



https://aka.ms/OpenAI

@ Fastest

growing consumer

C h atG PT product in history

Runs on Azure Cosmos DB & Al Search
Runs on Azure Kubernetes Service
Developed using GitHub




@ 0openAI Eg Microsoft

“ChatGPT" (GPT-3.5 / GPT-4) DALLE2 /3

Text to Text Text to Image
Prompt: Prompt: A white Siamese cat
Write a tagline for an ice Response:

cream shop.

Response:

We serve up smiles with every

GPT-3.5V / GPT-4V

Multimodal

Prompt: Explain this meme

Sometimes | just look at pictures of
the earth from space and | marvel at
how beautiful it all is.

Response: This meme is a joke that
combines two unrelated things:
pictures of the earth from space
shown as chicken nuggets



Announcing

Latest Azure
OpenAl models

Preview Preview Preview

GPT-4 Turbo DALL-E-3 GPT-4 Turbo
with Vision

aka.ms/AzureOpenAlService



https://techcommunity.microsoft.com/t5/ai-azure-ai-services-blog/azure-openai-service-announces-new-models-and-multimodal/ba-p/3978865

Azure OpenAl Service
GPT-4 Turbo with Vision

Enable multimodal Unlock new scenarios Augment RAG pattern
GenAl with video, with integrated with images and
image and text Azure Al Vision support Azure Al Search

aka.ms/AzureOpenAlService



https://techcommunity.microsoft.com/t5/ai-azure-ai-services-blog/azure-openai-service-announces-new-models-and-multimodal/ba-p/3978865

Announcing

Fine-tune your
Azure OpenAl models

Fine-tuning for Fine-tuning
GPT-3.5 Turbo for GPT-4



Generally available

Vector Search in
Azure Al Search

Revolutionary information retrieval
for GenAl applications



App UX

eration (RAQG)

Anatomy of the workflow

‘ Retriever over
Query for Knowledge Base
relevant conten/

) Search results
User question

S
%
Answer \.F’ert + Knowledge
Resp?e.\ “ Large Language
Model
Orchestrator ~
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Open source




Unified
platform

Preview

<

Azure Al Studio

Hybrid and Full development

semantic search lifecycle PromptFlow

Al.Azure.com

Safe and
responsible Al


https://ai.azure.com/

Model catalog

Stable ) NVIDIA
Diffusion Code Llama Mistral 7B Nemotron-3 8B

aka.ms/OpenModels



https://aka.ms/OpenModels

Announcing

Model as a Service
with Azure Al

Meta's Mistral’s GA2's Jais Cohere’s
Llama 2 premium models Command
Ready to Hosted Integrated with

use APIs finetuning leading LLM tools

aka.ms/ModelsAsAService



https://aka.ms/ModelsAsAService

’ Copilot in Microsoft Fabric
- The unified data platform for the era of Al

an € P 4 & 4y '] v)

Data Synapse Data Synapse Data Synapse Data Synapse Real Power BI Data
Factory Engineering Science Warehousing Time Analytics Activator

c Onelake

<& Purview

Unified Unified Unified Unified
architecture experience governance business model

Microsoft Confidential: Content is shared under NDA



’ Copilot in Microsoft Fabric at Ignite 2023
- The unified data platform for the era of Al

[

P P 4 ~

Power Bl Synapse Data Data
Science Factory
Quickly create report Quickly generate code Quickly clean and
pages, natural language in Notebooks to help move data using
summaries, and generate work with Lakehouse Dataflows and Data
synonyms. data and get insights. Pipelines.

More experience shipping monthly



prE

Demo

Get started creating report
pages with Copilot for Power
BI

Understand your dataset

quickly

Get suggested topics for
report pages

Create pages for high-
level topics

Use our editing tools to
customize your report

&) https:/daily.powerbi.com/groups/4656d0b9-99¢6-4d10-bf76-ffff78a78f84/list?experience=power-bi

Power Bl Copilot Demos

& Copilot Demos €

+ New ~ T Upload ~ Create deployment pipeline

Name
Hotel Customer Retention
Hotel Customer Retention
Hotel Demo Clean Model

" Hotel Demo Clean Model 2

" Hotel Demo Clean Model 2

Monitering
hub

“ Hotel Demo Clean Model 2.pbix
=
Workspaces

Hotel Demo Created 10.18
%
Capilot | King County Food Safety

Demos

" Marketing Impact
-J

Demo for

Hotel Visits lik Table

= Taylor Swift Analysis by Copilot

Hotel Demo
Clean Model|

Taylor Swift Data
Taylor Swift Data

Power BI | Tavlor Swift Data,pbix

4°C = |

" Mostly sunny Em Q Search

Q Search

B8 Create app

Type
Report
Semantic model
Semantic model
Report
Semantic model
Dashboard
Report
Report
Report
Semantic model
Report
Report
Semantic model
Dashboard

Owner

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

Copilot Demos

s e sAACCE @

Refreshed
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6/9/23, 8:55:25 AM
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Next refresh

N/A
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= Filter ~
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@ Copilot

BB Explore this data & Data/dn E Text box

Suoiezijensip A

MAMNDT POSNR

500
500
200
500
500
500

000001
000002
000002
000004
000005
000006

3 Shapes -

Data

Lyl Buttons ~ [0 Visual interactions C  Refresh B save

T;l Copilot  Preview

2 Search

B B AT LI P [P

» [ bsad
» [ bsid
» B vbap
» B vbrk
» i vbrp

(C Create a page that shows...

@ Suggest content for this report

Suggest content for this report

OK, here's a suggested outline for your
report. Select any page topic to view details
and start creating pages.

Sales Performance by Customer
Payment Terms and Cash Flow
Sales Order Fulfillment

Tax and Rebate Analysis

Create a page to analyze the sales

Copilot in PowerBIl on top of SAP tables




Home Edit Run Data View f Editing ~ @ Comments [ Share J=
F 3 > Runa w top session anguage ar on v nvironment orkspace default en in ode opilot
/ i it R I Stop Languag Spark (Python) E Workspace defaul Op V'S Cod &y Copil
2 ( " A
2. Lake... ™ Res.. & i import plotly.express as px MG IEI *oee @ 'jCopilot — § X
Lakehouses 5 # Convert vbrk_df to a pandas DataFrame
6 vbrk_pd = vbrk_df.toPandas()
7
- s . :
lakehouse_philip... & 2 3 # Create a histogram of AEDAT column Histogram of AEDAT in vbrk_df
9 fig = px.histogram(vbrk_pd, x="AEDAT', template="plotly dark’)
£ Tables 18
11 # Set title and axis labels 1. Histogram of AEDAT in vbrk_df: This histogram will show the distribution of the AEDAT
g @ bsad 12 fig.update layout( (date) values in the vbrk_df dataframe, providing insights into the frequency and range of
. ﬁ bsid 13 title="Distribution of AEDAT", dates present in the dataset.
14 xaxis_title="AEDAT"
> B vbap 15 ) Python 0 3
16
> B vbrk - #.Show B Lt import plotly.express as px
18 fig.show()
> ] vbrp
] [4] ~" 45 sec -Command executed in 40 sec 514 ms by Arash Nezami on 8:48:08 AM, 12/04/23 PySpark (Python) # Convert vbrk_df to a pandas DataFrame
£ Files vbrk_pd = vbrk_df.toPandas()
> 5% Spark jobs (5 of 5 succeeded) Log
> [ BSAD .
# Create a histogram of AEDAT column
» 3 BSID fig = px.histogram(vbrk_pd, x="AEDAT", template='plotly dark’)
» [3 CDHDR Distribution of AEDAT # Set title and axis labels
> PJ cpPos fig.update_ layout(
70k title="Distribution of AEDAT",
> B3 veaAp xaxis_title="AEDAT"
> B3 VBRK )
> [ vBrRP # Show the plot
. fig.show()
> B3 mappings 4

Microsoft Fabric Copilot for notebooks



Resources

Azure OpenAl - aka.ms/AzureOpenAlService

Microsoft Copilots - Copilot for Development
(GitHub Copilot) - aka.ms/GitHubCopilot,

Power Platform Copilot -
aka.ms/PowerPlatformCopilot

Microsoft Fabric Copilot -
aka.ms/FabricCopilot

Azure Al Studio - Al.Azure.com




= Microsoft

Thank you.



CHATGPT EN ANDERE LLMS

Volg van het FME Platform Al for Industry ook een Al Deep Dive sessie over de
toepassing van ChatGPT en andere Large Language Models

Meer informatie:

* Datacation — Ralf Zoetekouw r.zoetekouw@datacation.nl & Job Oosterkamp
j.oosterkamp@datacation.nl

®* |BM —Joost Vos Joost.Vos@ibm.com

®* Microsoft — Arash Nezami Arash.Nezami@ microsoft.com

,‘-% POWERED
FME (O ; ourc
\n.:_f TECHNOLOGY
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